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Construction of Medical Diagnosis Classification M odel
through Artificial Neural Networks
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'Department of Industrial Engineering & Management
National Chin-Yi Institute of Technology
2 Department of Ophthalmology
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ABSTRACT

Traditionally, medical diagnosis mainly depends on doctors’ training and
experience. Today, the fast growth of data mining technique can enhance the diagnostic
accuracy. This study isto develop and compare the diagnostic performance based on the
areas under Receiver Operating Characteristic curves (AROC) building through
application of three artificial neural networks. Back-Propagation Network (BPN),
General Regression Neural Network (GRNN), and Learning Vector Quantization
(LVQ).The AROC are 0.82, 0.762 and 0.85 for BPN, GRNN, and LVQ, respectively.
LVQ with better learning effects shows promise for assisting medica diagnosis on
glaucoma.
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