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Using EWMA Satisticsin Neural Network

to Detect M ean Shifts

Fan-Wei Huang, Tong-Yuan Koo, Jing-Er Chiu, Shyh-Huei Chen
Institute of Industrial Engineering and Management
Nationa Yunlin University of Science & Technology
Abstract
Control charts are commonly used in statistical process control. Traditionally, x

control charts are good at-detecting large changes in process mean, while Exponentially
Weighted Moving Average (EWMA) control charts are more powerful in detecting
small shiftsin mean. In thisresearch an artificial neural network using EWMA statistics
is proposed to detect both large and small shifts. The average run length isinvestigated
to evaluate the performance of the proposed method through a simulation study. The
results show that the proposed method has the ability to detect large and small mean
shifts at the same time.

Keywords : Average Run Length, Exponentially Weighted Moving Aver age,
Artificial Neural Network
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